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10/5(E) 2832 {1t ZeEs5(RL) U=
I o FH g He
B Markov Decision Process,
Key Attributes(Reward, Policy, Action, States, Transition
function),
1 RL 7R B Agent-Environment Interface(Agent, Environment, Action,

Perception, Reward, Goal)
B Learning Types(Off-policy learning, On-policy learning,
Direct Learning, Indirect learning)
Monte Carlo Method,

Certainty Equivalence,

Dynamic Programming,
Policy Gradient,
Simple Decision Theory,
eligibility Traces,

Temporal Difference,

Q-Learning,
) Actor-Critic,
3 | Temporal Difference )
R-Learning,

SARSA

Q-Learning model: RLZ X =852 =2 M2 Q-Learning 2
& d9|, Catch

m  Bellman equation: Bellman equation 82| ¥ &%, actor-

4 | Eg0|E0 & N
critic 2, evolutionary strategy, genetic algorithm

B RL Engineering: Reward function C|X}Q!, Robust RL

m  FTH RL O|]&: Multi-agent RL, Learning how to learn
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